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A B S T R A C T

In recent years, there has been growing optimism about the potential of conversational agents, such as chatbots 
and social robots, in mental healthcare. Their scalability offers a promising solution to some of the key limita
tions of the dominant model of treatment in Western countries. However, while recent experimental research 
provides grounds for cautious optimism, the integration of conversational agents into mental healthcare raises 
significant clinical and ethical challenges, particularly concerning the partial or full replacement of human 
practitioners. Overall, this theoretical paper examines the clinical and ethical implications of deploying 
conversational agents in mental health services as partial and full replacement of human practitioners. On the one 
hand, we outline how these agents can circumvent core treatment barriers through stepped care, blended care, 
and a personalized medicine approach. On the other hand, we argue that the partial and full substitution of 
human practitioners can have profound consequences for the ethical landscape of mental healthcare, potentially 
undermining patients’ rights and safety. By making this argument, this work extends prior literature by spe
cifically considering how different levels of implementation of conversational agents in healthcare present both 
opportunities and risks. We argue for the urgent need to establish regulatory frameworks to ensure that the 
integration of conversational agents into mental healthcare is both safe and ethically sound.

1. Introduction

Novel conversational agents powered by large language models have 
been portrayed as potential game-changers in mental healthcare 
(Filippis & Foysal, 2024; Javaid et al., 2023; Stade et al., 2024; Vowels, 
2024). Conversational agents (CAs), such as chatbots, social robots, and 
digital avatars, are software systems designed to engage in verbal con
versations with humans (Schöbel et al., 2023; Wahde & Virgolin, 2022). 
One of the frequently proposed applications for CAs is the delivery of 
evidence-based psychotherapy. Accordingly, there has been an upsurge 
in research investigating their feasibility as platforms for therapeutic 
intervention. Across dozens of randomized controlled trials, CAs have 
shown promising effectiveness in reducing symptoms of depression, 
anxiety, and psychological distress (for a meta-analytical review, see He 
et al., 2023). Additionally, large language models enable CAs to engage 
in human-sounding and contextually relevant conversations across an 

(almost) limitless array of topics, as demonstrated by the well-known 
chatbot ChatGPT (Schöbel et al., 2023; Shahriar & Hayawi, 2023). A 
growing body of research is inquiring about large language models’ 
capabilities to deliver mental health interventions. Notably, multiple 
studies indicate that when CAs driven by large language models are 
instructed to assume the role as therapists, they are generally evaluated 
as more empathetic and helpful than human practitioners (Howe et al., 
2023; Kuhail, Alturki, Thomas, & Alkhalifa, 2024; Kuhail, Alturki, 
Thomas, Alkhalifa, et al., 2024; Ovsyannikova et al., 2025; Vowels, 
2024). Although clinical experimental research remains in its nascency, 
preliminary evidence further suggests that cognitive behavioral therapy 
(CBT) delivered by such CAs have clinically relevant effects on symp
toms of depression and anxiety (Heinz et al., 2025). Intriguingly, the 
observed effect sizes were comparable to those typically reported for 
face-to-face CBT (Cuijper et al., 2017). While future research will 
determine whether these results represent a fortunate anomaly or a 
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replicable outcome, they nonetheless mark a promising beginning for 
conversational agents in mental healthcare.

As the demand for mental health care has risen in recent decades, 
these technological advancements seem to have arrived at the perfect 
time. Epidemiological evidence shows a rising incidence of mental dis
orders in the Western world (Castelpietra et al., 2022; Dykxhoorn et al., 
2023; Lipson et al., 2022; Twenge et al., 2019; WHO, 2013) and a major 
treatment gap globally, where only 8 % of individuals with depression in 
low-income countries and 33 % in high-income countries receive care 
from authorized mental health professionals. (Moitra et al., 2022). 
Various factors contribute to the treatment gap across individuals, na
tions, and cultures. A core antecedent of the treatment gap appears to be 
a limited demand for care, as individuals, particularly in low-income 
countries, do not necessarily perceive a need for care despite having 
symptoms of mental health conditions (Andrade et al., 2014; Roberts 
et al., 2022). However, especially in Western countries, one piece of the 
puzzle could also be the dominant model of treatment, i.e., one-to-one 
sessions undertaken by highly educated and well-paid mental health 
practitioners (Kazdin, 2018). Despite its widespread use and empirical 
support, this model is intrinsically linked to key obstacles to seeking 
care, including financial costs, lengthy waiting periods, geographical 
distances, and stigma (Kazdin, 2018).

Mental health conditions impose a substantial economic burden 
globally, with costs estimated at approximately $2.5 trillion annually in 
2010—due to both poor health outcomes and reduced productivity
—and projected to rise to $6 trillion by 2030 (Bloom et al., 2012). 
Crucially, some costs persist even when individuals access care, as 
mental health treatment itself entails significant direct expenses, 
including clinician fees, supervision, and administrative operations, as 
well as indirect costs borne by patients, such as transportation, child
care, and lost income. In addition to these quantifiable costs are the 
psychological burdens and distress that individuals in need of mental 
health care experience.

The disparity between mental health needs and available resources is 
particularly pronounced in low to medium income countries. A cross- 
sectional study of 30 countries in the WHO Region of the Americas 
found a striking imbalance between the burden of mental, neurological, 
and substance use disorders and corresponding government spending. 
The ratio of disease burden to mental health expenditure ranged from 
3:1 in high-income countries like Canada and the USA to 435:1 in low- 
income countries such as Haiti, with a median ratio of 32:1 across the 
region (Vigo et al., 2019). Together, these factors highlight that 
receiving mental health support, while essential, remains economically 
demanding for individuals and society alike. Nevertheless, investment in 
mental health care yields significant economic returns; for every U.S. 
dollar invested in the treatment of depression and anxiety, there is an 
estimated return of four dollars in improved health outcomes and 
enhanced productivity (Chisholm et al., 2016). Thus, despite evidence of 
long-term effects, financial constraints and systemic limitations 
continue to impede timely access to mental health care, with particu
larly pronounced effects on underserved and rural populations. In this 
context, scalable digital interventions – including conversational agents 
– represent a promising avenue for achieving greater value for invest
ment, by expanding reach and optimizing the use of limited resources 
within overburdened systems.

While direct evidence on the cost-effectiveness of CA-delivered 
therapy is still emerging, insights can be drawn from studies on 
internet-delivered therapy which has offered similar clinical outcomes 
as conventional therapy, for at least some diagnosis with reduced costs 
(Aspvall et al., 2021; Gentili et al., 2022; Rohrbach et al., 2023) 
although often with therapist involvement. The intersection of techno
logical progress and societal demands for scalable mental health solu
tions has prompted researchers to view CAs as a game-changing tool to 
help address the treatment gap (Molli, 2022; Gallegos et al. 2023). A 
common perspective in the scientific literature is that CAs’ scalability 
and inability to confer social judgments enables them to decrease the 

strain on overburdened healthcare systems (Pham et al., 2022; Sweeney 
et al., 2021; Boucher et al. 2011). While recent meta-analytical evidence 
indeed provides reason for cautious optimism (He et al., 2023), there are 
significant clinical and normative issues associated with replacing 
human practitioners with CAs, as we will show.

The present theoretical paper contributes to the ongoing scientific 
efforts to understand the potential and limitations of implementing CAs 
in mental healthcare. We examine how CAs can increase access to 
mental healthcare, while at the same time critically discussing which 
clinical and ethical ramifications the implementation may pose. We first 
explain how CAs can expand access to care through three treatment 
delivery approaches: 1) stepped care, 2) blended care, and 3) a 
personalized approach targeting fear of stigma. We argue that utilizing 
CAs in these strategies for implementation can help address core limi
tations of the dominant model of treatment. We then discuss the possible 
consequences of full or partial replacement of human practitioners in 
terms of practitioners’ ethical and professional obligations and, ulti
mately, patients’ trust in healthcare systems. With this theoretical paper, 
our goal is not to provide an exhaustive review of the scientific literature 
and provide actionable recommendations on that basis. Rather, pri
marily based on theoretical analysis, our aim is to raise awareness of 
potential actionable implementation strategies and to propose pre
liminary hypotheses about their clinical and ethical ramifications to 
help guide future research.

2. How conversational agents can increase access to care

2.1. Stepped and blended care

The feasibility of the dominant model of treatment in Western 
countries is highly contingent on the availability of mental health care 
providers (Kazdin, 2018). When the incidence of mental health prob
lems is rising without a proportional increase in the number of mental 
health care providers, perfect conditions are created for a widening 
treatment gap. The main distinction in this context is between stepped 
and blended care. A stepped-care approach to treatment can be under
stood as assigning patients to the most effective and least restrictive 
treatment available in a self-correcting way. This means that patients are 
assigned to treatment based on their specific needs and severity of 
symptomatology starting with the least intensive interventions and -if 
ineffective-stepping up through more specialized treatment as needed in 
a self-correcting manner (Bower & Gilbody, 2005). Given that the least 
resource-intensive treatment is used, stepped care is cost-effective (Ho 
et al., 2016) and believed to reduce use of medication for mental health 
issues. Since the inception of stepped care models, several clinical 
guidelines have adopted the approach (e.g. NICE guidelines and AUS 
PHN guidelines). For a generic description of stepped care, see Table 1.

According to Bower and Gilbody (2005) the stepped care model rests 
upon three assumptions: i) that minimal interventions can provide a 
significant health gain, ii) that using minimal interventions will allow 
for more efficient use of resources, and iii) that the approach is 
acceptable to both health care professionals and patients. Importantly, if 
CAs are introduced into stepped care, then additional assumptions are 
introduced (e.g. that minimal interventions delivered by CAs can pro
vide health gain etc.) which should be borne in mind when exploring if 
and where this technology could be used.

CAs could expand the stepped care model to include a “step 0” where 
AI via digital phenotyping of individual users (i.e. harvesting informa
tion across digital platforms) can identify users with unacknowledged 
mental health issues. CAs could then be designed to nudge users so 
identified to seek help. Digital phenotyping may also aid diagnosis of 
mental health issues (Onnela & Rauch, 2016) and “just-in-time in
terventions” (Torous et al., 2019) may also play a role, but research 
remains sparse. Early diagnosis and pre-emptive interventions could 
prevent unnecessary suffering and costs but come with several privacy, 
ethical and practical concerns that should be addressed before 
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implementation (Birk & Samuel, 2022).
To the best of our knowledge CAs have not been systematically 

implemented into a stepped care model targeted at any specific mental 
health issue yet but several stand-alone “step 1”, “step 2”, and “step 3” 
applications hold promise whereof some have already been scientifically 
explored. Thus, CAs have for instance been used for the initial screening 
and identification of mental health issues such as attention deficit hy
peractivity disorder (Håvik et al., 2019) and the diagnoses of depression 
via machine learning-based virtual humans (Philip et al., 2017). 
Furthermore, AI-based tools have been developed for monitoring 
symptomatology using speech samples as biomarkers (Low et al., 2020). 
Currently, it appears that such tools are not conversational in nature but 
rather detect the presence/absence of pre-determined criteria within a 
narrow scope. This approach is unlikely to overcome the challenge of 
heterogeneity and comorbidity of mental disorders. It can easily be 
envisioned, however, that soon CAs would be sophisticated enough to 
facilitate broader clinical screening and assessment in a flexible manner, 
assessing a broad spectrum of symptomatology. Nevertheless, caution 
needs to be taken as inaccurate diagnosis may cause distress or 
self-stigmatization (Foulkes & Andrews, 2023), which underlines the 
importance of having AI diagnostic tools integrated into an eco-system 
of care where health professionals are involved.

A growing body of research also suggests that CAs can effectively 
deliver evidence-based psychotherapeutic interventions (e.g., cognitive 
behavioral therapy) adapted to a digitalized format. Overall, this 
emerging research field points toward the idea that mental health in
terventions delivered by CAs can be utilized as “step 2” in the generic 
stepped care model. In a seminal study, Fitzpatrick et al. (2017) exam
ined the effectiveness of a fully automated cognitive behavioral inter
vention delivered by the chatbot Woebot to college students with mild 
symptoms of depression or anxiety. After two weeks, participants re
ported a significant decrease in symptoms of depression (d = 0.44) 
compared to participants receiving access to a self-help book on 
depression (N = 70). Woebot has also been associated with overall 
positive user experiences and high adherence to treatment, with an 
average of 12 check-ins (range = 8–18) throughout the study period. 
Building on the pioneering work by Fitzpatrick et al. (2017), a multitude 
of studies have since demonstrated preliminary and promising results in 
using CAs to improve depression, anxiety, psychological distress, and 
well-being (for a meta-analytical review, see He et al. (2023)).

While CAs can increase access to care, by both being available in 
general and by lowering the impact of stigma, substituting humans in
troduces its own set of challenges. As we will discuss more in-depth in 
Section 3, these challenges include, but are not limited to, potentially 

diminished opportunities for continuously monitoring patients’ symp
toms and treatment adherence and the possible loss of the highly 
acknowledged benefits from a strong therapeutic relationship. One way 
to retain “human in loop” for mental health treatments while leveraging 
the scalability of CAs is to utilize the blended care approach. Blended 
care merges traditional face-to-face treatment with digitally delivered 
interventions, creating a hybrid model where the healthcare profes
sional and patient jointly decide the distribution of the two elements 
(Wentzel et al., 2016). Given their flexibility, CAs could be used between 
sessions for monitoring symptoms and progress, provide 
patient-education and treatment plan follow-ups (Car et al., 2020; 
Dingler et al., 2021) or perform individual treatment sessions, thereby 
decreasing the burden on healthcare professionals, as needed.

2.2. A personalized approach for fear of stigma

The idea of tailoring treatments to fulfill the needs of specific pop
ulations falls within the scope of personalized medicine, which addresses 
the question of what works for whom rather than whether treatments work 
(Cohen et al., 2021; Huibers et al., 2021). This approach relies on the 
assumption that better treatment outcomes can be achieved by tailoring 
treatments based on observed interactions between treatment charac
teristics and patient characteristics, such as symptom severity, comor
bidity, personality traits, intelligence, and socioeconomic factors 
(Cuijpers, 2017).

An important feature of CAs in context of personalized medicine is 
the potential to tailor CAs to specific patient groups, across all the di
mensions mentioned, but also others, including age, individual accep
tance of CAs, levels of digital literacy, and potentially many other 
vectors, relevant for treatment (Gross et al., 2021). This opens new 
vectors to develop and test effectiveness of CA-delivered treatments. 
First, design features of a CA not directly connected to their specific role 
in care, such as the interface, visual and auditory features, etc., can be 
developed with specific demographics in mind. The same CA ‘backend’ 
can then deliver treatment in a way that fits with a particular group 
better or be engineered to change its manner, patterns of expression, 
etc., to fit with a particular group. Second, CAs can incorporate scientific 
and practical evidence with a programming update, with a focus on a 
specific group or in general. Perhaps we can then expect CAs to deliver 
ever-better interventions at pace with clinical advances.

A key contributing factor to inadequate care seeking might be that it 
fails to meet the needs of those who fear stigma from others. Stigma 
refers to the devaluation, discrimination, or discreditation of someone 
based on their personal characteristics, for example based on the pres
ence of mental illness (Goffman, 1963/2009; Knaak et al., 2017). When 
someone fears being stigmatized, they might refrain from seeking care to 
avoid being labelled and experience shame or embarrassment (Corrigan, 
2004; Rüsch et al., 2005). Multiple studies have identified stigma as a 
key barrier to care-seeking, with stigma – including shame, fear of 
negative social judgments, and concerns about disclosure and confi
dentiality – as the fourth-ranking barrier out of ten to seeking care 
(Clement et al., 2015). Stigma not only deters care-seeking but may also 
compromise treatment adherence by discouraging patients from sharing 
embarrassing or shameful information with practitioners (Clement 
et al., 2015; Knaak et al., 2017). A related concern is the possible con
founding role of fear of stigma in mental health assessments, as this fear 
might increase the risk that individuals withhold information about 
their symptoms.

One reason why stigma compromises care-seeking and recovery – 
and why CAs pose a viable alternative to the dominant model of treat
ment – might be rooted in human tendencies to attempt to shape how 
others perceive them. According to impression management theory, 
humans consciously or subconsciously strive to project and maintain 
positive impressions of themselves (Goffman 1956). To achieve this, 
they seek to control the information they share, avoiding personal de
tails that could lead to an undesired impression (Goffman 1965). 

Table 1 
An abbreviated description of stepped care based on the NICE guidelines’ (2011) 
combined summaries for all mental disorders.

Symptom severity Intervention

Step 3: Persistent or increased 
symptomatology that has not 
responded to a low-intensity 
intervention

Individual psychotherapy as appropriate 
for diagnosis.
Drug treatment as appropriate for 
diagnosis.
All disorders: Support groups, 
befriending, rehabilitation programmes, 
educational and employment support 
services; referral for further assessment 
and interventions.

Step 2: Persistent subthreshold 
symptoms or mild to moderate

Some disorders: computerized treatment, 
individual facilitated self-help. 
All disorders: Support groups, 
educational and employment support 
services; referral for further assessment 
and interventions.

Step 1: All disorders – known and 
suspected presentations of common 
mental health disorders.

All disorders: Identification, 
assessment, psychoeducation, active 
monitoring; referral for further 
assessment and interventions.
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Consequently, the interpersonal encounter could be the very factor that 
renders psychotherapy suboptimal for those who have extensive fear 
stigma. In contrast, a growing body of evidence indicates that people 
openly share sensitive information about themselves to CAs and 
consider them as “safe spaces” to disclose embarrassing or shameful 
personal details (Kang & Kang, 2023; Kim et al., 2022; Lucas et al., 2014; 
Pickard et al., 2016; Pickard & Roster, 2020; Sah & Peng, 2015). This 
might be due to the cognitive belief that computers lack the mental 
states necessary for making social judgments (Kim et al., 2022).

Besides the preliminary meta-analytical evidence suggesting that 
CA-psychotherapy might pose a viable alternative to conventional care 
approaches (He et al., 2023), evidence from several studies suggests that 
humans disclose more information about themselves to CAs than to 
fellow humans. Indeed, a seminal study found that more socially anxious 
participants shared more intimate details to CAs than human recipients 
(Kang & Gratch, 2010). Likewise, a study found that participants 
preferred to answer questions about highly sensitive topics (e.g., 
ethnicity, cheating, lying, and personal income) to an avatar compared 
to a human interviewer (Pickard et al., 2016). Some evidence also 
suggests that people feel less discomfort about self-disclosing to CAs 
than humans. Lucas et al. (2014) found that participants experienced 
less fear and need to manage impressions, as well as displayed more 
sadness when believing that they interact with a computer compared to 
a human. Finally, there is also evidence to suggest that some individuals 
deliberately use chatbots as “safe spaces”. Several qualitative studies on 
users of the chatbot Replika have found that the main reasons for using it 
is the confidential environment it provides for self-disclosures and its 
empathetic, validating responses (Skjuve et al., 2021, 2022; Brandtzaeg, 
2022). Thus, there already appears to be a need and willingness among 
some individuals to seek emotional support in CAs when in fear of 
stigma.

All this said, it is still important to note that the interpersonal 
encounter in the dominant model of treatment in Western countries may 
also serve a remedying function for those fearing stigma from others 
specifically. When one anticipates a negative reaction from others (e.g., 
stigmatization), but is met with empathy, warmth, and validation, an 
opportunity for a corrective emotional experience occurs. A corrective 
emotional experience is a sort of interpersonal learning experience that 
arises when others’ reactions contrast with one’s expectations 
(Alexander & French, 1946; Lundh, 2014). According to the theory, this 
experience challenges the cognitive belief that others, for instance, 
stigmatize based on mental illness. While originating in the psychoan
alytic tradition (Alexander & French, 1946), several scientists consider 
corrective emotional experiences a common ingredient across thera
peutic traditions as well as a learning experience arising in social in
teractions in general (Grencavage & Norcross, 1990; Hayes et al., 2012; 
Elliot et al., 2013). In conclusion, the interpersonal encounter in the 
dominant model of treatment holds the potential to decrease fear of 
stigma through corrective experiences – an opportunity that could be 
absent in human-CA interactions. A personalized approach seeking to 
reach those fearing stigma should therefore not necessarily aim to 
replace human practitioners entirely. Rather, such an approach could 
help patients manage the fear of stigma to encourage them to participate 
in conventional mental health care services. This is a point that seems 
often overlooked in contemporary debates about mental healthcare 
delivered by CAs.

3. How conversational agents can compromise trust in 
healthcare systems

Contemporary CAs are not simply affordable, scalable, and “non- 
judgmental” substitutes for human practitioners. Important clinical and 
normative challenges have already been underscored in the scientific 
literature. Sedlakova and Trachsel (2022) posit that CAs’ ability to 
engage in natural-sounding conversations coupled with their inherent 
capacities as algorithm-driven machines positions them neither as fully 

moral agents nor simply as tools, but somewhere in between these poles. 
According to them, a consequence is that therapeutic conversations with 
CAs cannot foster the same therapeutic benefits as interhuman in
teractions and can even give rise to illusions about having a close, 
interpersonal connection (Sedlakova & Trachsel, 2022). Others have 
questioned whether such mental health treatments work through similar 
causal pathways as human-delivered interventions, particularly casting 
doubt on whether CAs can elicit a beneficial therapeutic alliance and 
foster expectations of improvements (Herbener et al., 2024). Other sci
entists have also challenged the idea that mental health treatments 
delivered by CAs pose an alternative to traditional (human-delivered) 
psychotherapy. According to Grodniewicz and Hohol (2024), CAs 
should rather be seen as cognitive-affective artifacts that primarily 
possess the capacity to evoke emotional improvements through 
engaging users in cognitive tasks, whereas the socioemotional benefits 
of engaging with human practitioners may not be replicated 
(Grodniewicz & Hohol, 2024). These could also include the physical and 
relational aspects of the clinical encounter, including expressions of 
empathy and recognition of “non-verbal cues” (Brown & Halpern, 
2021).

It is apparent from this line of perspectives that there remains sub
stantial skepticism regarding CAs’ potential to replace human practi
tioners. The skepticism mainly reflects assumptions about the role of 
human ontological status in the therapeutic process, which CAs may not 
replicate due to their status as inanimate, algorithm-driven technolo
gies. Another commonality in this line of perspectives is a focus on 
clinical outcomes. Yet as outlined below, it is also necessary to explore 
how deploying CAs in mental healthcare may influence parameters 
beyond clinical outcomes. Indeed, as we will argue here, CAs signifi
cantly alter the normative landscape of mental healthcare in ways that 
could compromise patients’ rights, safety, and ultimately trust in 
healthcare systems. In this section, we discuss how CA-psychotherapy 
challenges practitioners’ ethical obligations toward patients, whether 
utilized as replacements or tools. By doing so, we emphasize the ne
cessity of establishing regulatory frameworks for when and how CAs 
could be integrated into contemporary mental health care services. We 
summarize our concerns and recommendations for future research and 
regulations in Table 2.

3.1. Professional and ethical obligations

CA-psychotherapy, like other digital mental health interventions, 
including those sometimes called ‘mobile health’ or ‘mHealth’ 
(Istepanian et al., 2007; Kay et al., 2011), requires normative analysis. A 
wide range of ethical issues has been identified in the literature on 
mHealth specifically, such as whether they support or undermine au
tonomy (Schmietow & Marckmann, 2019), the extent to which they 
empower patient-users (Nickel et al., 2023), and complications of “pri
vacy, trust, accountability and responsibility, and bias” (Murphy et al., 
2021, p. 7), among others. Some of these insights apply also to the 
specific case of CA-psychotherapy. We will flag this below when 
appropriate but pay special attention to issues that are distinct and 
entirely new, given the technological affordances for use (and abuse) of 
CA-psychotherapy.

The first important distinction to make about the normative context 
of using CA-therapy is whether it is used as a stand-alone replacement 
for human practitioners or a supplement, as in stepped- or -blended care 
as described above. Replacement poses significantly more ethical and 
legal challenges than supplementation, although supplement can still 
alter the scope and nature of obligations that burden human practi
tioners. Even putting this distinction to the side, there is an important set 
of common concerns, which come from the more general set of 
normative complications that arise from using AI-power technology in a 
mental health context. CA-psychotherapy inherits them simply because 
it often relies on large language models (LMM), which use artificial in
telligence (AI), broadly construed. The first and from our perspective 
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most important is the place and potential displacement of trust 
(Klincewicz, 2023; Klincewicz & Frank, 2019; Hatherley, 2020; Asan 
et al., 2020; DeCamp & Tilburt, 2019; Siddal, Torous, & Coxon 2024). 
The displacement of trust in context of CA-psychotherapy comes with 
further complications, which themselves differ depending on whether 
we are talking about replacement or supplementation.

What is the general role of trust in medicine and how does psycho
therapy fit into it on a standard model? Trust is fundamental in all health 
care systems (Rhodes, 2001, 2020) in the sense that it underlies all the 
principles that govern medical ethics, including the therapeutic alliance, 
which is so important in mental health interventions (Howgego et al., 
2003; Wampold & Flückiger, 2023). CA-psychotherapy, in both the 
replacement and supplement versions, creates a situation in which what 
a patient has good reason to do in relation to the source of the inter
vention is significantly different from a situation that involves only a 
human therapist.

For example, a patient is not rational to trust that the CA cares about 
them getting better, in the way that a person may care or appear to care 
for them getting better. A CA does not care about anything. Secondly, 
CA-psychotherapy does not come with accumulated trustworthiness of a 
professional human therapist (Aref-Adib et al., 2019; Bernard et al., 
2016) or a medical institution. Instead, the norms for patients concern 
their expectations of reliability, rather than trust. The institutions that 
legitimize any psychiatric intervention depend on trust from patients 
who do not thereby have to engage in means-utility calculations each 
time they seek medical advice—they can simply trust the institution to 
do what it purports to, namely, take care of them. With 
CA-psychotherapy, patients do not have any reason to assume the same 
is true.

Trust and trustworthiness in psychotherapy that include therapeutic 
applications of AI, should also be distinguished from "trustworthy AI" 
itself, a term frequently used in discussions of AI regulation and ethics 
guidelines, for example in the EU high level expert group on AI (Euro
pean Union, 2019). When it comes to the justified expectations that a 
person can have in any technology, it makes more sense to talk about 
reliability, efficacy, and transparency, which does not carry with it the 
same emotional components and is, arguably, an entirely different 
attitude (see Alanezi, 2024; Yang et al., 2024). When it comes to these 
expectations of reliability and efficacy, Siddals et al. (2024) have found 
in a small study that users were skeptical about the appropriateness or 
accuracy of the advice they received from the generative AI chatbots, 
expressing concerns about “issues such as the tendency to output 
incorrect or fabricated content (to ‘hallucinate’)” (Siddals et al., 2024; 
Yang et al., 2024).

3.2. Privacy and confidentiality

Another common concern with CA-psychotherapy is with the privacy 
and confidentiality of patient data — this is a common concern across all 
wellness, health, etc., apps already mentioned. However, it should be 
noted that in the context of CA-psychotherapy data privacy can be 
affected positively as well, which is unique. A therapists’ lapse in their 
professional judgment or failure to secure adequate information pro
tection, despite their intentions and efforts, is not difficult to imagine. 
Similar things can happen with CA-psychotherapy apps and databases 
that store patient data outside the therapists’ offices. On the other hand, 
robust measures that prevent hacking may effectively isolate sensitive 
patient information better than a therapist could. Given this, a unique 
set of norms governing data acquired and used by CA-psychotherapy 
apps must be developed to protect patients and therapists.

These broad ethical concerns intersect with the extant regulatory 
landscape for digital health, which has been evolving for at least a 
decade to ensure the safety, reliability, and data security of these tech
nologies that exist at the intersection of commercial products, medicine/ 
health care and digital technology (Hassanaly & Dufour, 2021). Some of 
these existing frameworks apply to the special case of 
CA-psychotherapy. According to a technical brief on the “Evaluation of 
Mental Health Mobile Applications” by Argaqal and Wilcox (2022), the 
gold standard mobile apps fall into the Software as a Medical Device 
(SaMD) category used by the FDA. They fall into one of the three clas
sifications for approval: Class I, II, or III, distinguished by the level of risk 
to the patient, user and the kind of notification and FDA clearance 
required before putting the device on the market in the United States1 

The FDA may remove from the market any harmful Class II and Class III 
devices, and this includes apps that target psychiatric conditions.

It should be noted that (as of now, but likely to change soon) only five 
mental health apps on the market in the United States have FDA 
approval and can be considered SaMDs (Agarwal S et al., 2022). For 
non-SaMDs, the FDA is not involved at all. Some mental health apps 
have been approved as medical health intervention across the diverse 
regulatory landscape in the European Union, for example in Germany 
the app “Mindable: Soziale Phobie”, which uses CBT to treat social 
anxiety and phobia, has CE designation and is marketed as a medical 
device https://www.mindable.health/media/social/rev003-12-2023-i 
fu.pdf). Another notable certified medical device is Deprexis, a treat
ment for depressive disorder (https://deprexis.com/). Their website 
claims that: 

Deprexis works like psychotherapy and is just as effective. In con
versations that build on one another, the user is shown information 

Table 2 
Ethical challenges and implications.

Delivery approach Ethical concern Description Implications

Replacementrowhead Violation of duty of 
care

Administering CA-psychotherapy as a replacement for 
conventional psychotherapy challenges practitioners’ duty of 
care due to the preliminary nature of the evidence supporting 
the efficacy of these interventions.

CA-psychotherapy interventions must demonstrate clinically 
relevant effects for specific patient groups when compared to 
other available interventions and while balancing potential 
adverse effects.

Responsibility gaps As CAs driven by AI can act autonomously, there may arise 
confusion regarding responsibility in case of harm.

CA-psychotherapy app manufacturers must have a clearly 
stated policy, embedded in relevant legislation or case law 
designation responsibility in cases of harm.

Displacement of duty 
to warn

Practitioners’ duty to warn extends to CAs if patients verbalize 
intentions to harm themselves or others.

Further empirical and ethical research is needed to assess how 
the duty to warn can be executed in these digital 
environments.

Partial 
replacementrowhead

Decontextualized 
communication

Chat logs/other text content patients generate through CAs 
have limited epistemic value for clinicians because tone, body 
language, demeanor, etc. are excluded.

Clinicians should be cautious interpreting text transcriptions 
from patient-CA sessions.

Displacement of 
authority

The introduction of CAs into the therapeutic context may 
change patients’ attitudes towards clinicians in ways that are 
not beneficial.

Further empirical research is needed on the possibility of this 
phenomenon. Clinicians should also be aware of these 
possibilities and attentive to them.

Surveillance CAs on smartphones may create an experience of constant 
surveillance and medicalization for patients.

The possibility of experiences of surveillance should be openly 
facilitated by the clinician. Patients should have easy ways of 
opting out of certain forms of interaction with CAs.
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and exercises in a sensitive manner and is offered various response 
options. (https://de.deprexis.com/)

At the EU level the Medical Device Regulation (EU) 2017/745 (MDR) 
has a risk-based framework for standards that apply to anything that 
meets the definition of a medical device, including mental health apps. 
As van der Storm et al. (2023) explain, manufacturers are asked to place 
their device in the appropriate risk class. Depending on the risk class the 
manufacturer themselves or an oversight body can then grant the 
technology the designation Conformité Européenne (CE), which in
dicates conformity with the MDR (van der Storm et al., 2023). As in 
other contexts, whether something qualifies as a medical device de
pends, in part, on the claims that its creators make and communicate in 
advertising about its “intended purpose”. Those efforts notwithstanding, 
there are some noteworthy lapses in regulatory oversight. General 
wellness apps, which may on the surface promote mental health benefits 
to their users, do so without any independent specialized body over
seeing them resulting in poor compliance with basic standards (Dehling 
et al., 2015; Loosman, 2024; Martinengo et al., 2019).

3.3. Concerns related to full replacement of human practitioners with CAs

What may motivate the idea that replacement is a viable option is the 
socio-economic context within which CA-psychotherapy is developed, 
as outlined in the first sections of this paper. CA-psychotherapy may be a 
solution to those problems. The motivation against this idea is that the 
replacement does more than fill the role of a therapist. In this section, we 
will make the case that replacement with CA-psychotherapy is in fact an 
elimination of the therapeutic relationship altogether, at least if we 
consider the essential duty of care to the patient (grounded in trust, at 
least according to Rhodes (2023)). Nevertheless, there are contexts 
where CA-psychotherapy may be the best or only choice of intervention 
and should be preferred as they can be perceived as non-judgmental or 
less threatening (Alanezi, 2024; Batra et al., 2017; Lucas et al., 2014)—a 
point similarly made above. That said, our criticism of this approach and 
the ethical and clinical issues that arise from the use of 
CA-psychotherapy as replacement, lead us to the conclusion that it 
should be avoided, unless no other options are available, at least until 
more effective and nuanced regulations are in place.

3.3.1. Duty of care
The first concern relates to the duty of care of human practitioners, 

which is a central ethical commitment of medicine in general and of 
psychotherapy in particular. It is the obligation to act beneficently to
wards one’s patients, for example, by expressing concern, respecting 
their autonomy when making decisions about the course of care, 
informing them about potential consequences of treatment, etc. This 
principle is not only widely acknowledged in the professional ethics 
literature—it is also reflected in professional guidelines (See for example 
the Code of Ethics from the American Psychological Association, Prin
ciple A of the EPPCC of the APA). Thus, by recommending a treatment 
that has limited evidence of efficacy, therapists may be failing to fulfill 
this duty. This would especially be true if, as evidence suggests, the 
relationship between patient and therapist is one of the most important 
active ingredients in therapy and evidence that CA may play that role is 
currently lacking (Herbener et al., 2024). A relationship with the ther
apist involves the setting of shared expectations for progress and a 
commitment to the therapeutic process, which is essential to the ther
apeutic alliance that leads to better outcomes. As Henson et al. (2019)
observe, “the therapeutic relationship or alliance is fostered across all 
therapies by interest, empathy, understanding, and hopeful, positive 
expectations of therapy” (p. 268). Without the relationship, it is not clear 
that such an alliance can even come about.

3.3.2. Responsibility gaps
A second concern is that the introduction of CA-psychotherapy as a 

replacement could lead to responsibility gaps, which have similarly been 
identified in other health-AI domains (Danaher, 2016; Matthias, 2004; 
Sparrow, 2007). Responsibility gaps arise when, according to Konigs 
(2022), the following two conditions are met:

NO RESPONSIBILITY: An autonomous system carries out some ac
tion without anyone—neither the programmer, the manufacturer, the 
operator, nor the autonomous system itself—being responsible for this 
action and its consequences.

AUTONOMY: This absence of responsibility is due to the system’s 
autonomy.

In our context, CA-psychotherapy “introduce[s] a new element of 
technical opacity and lack of explainability that makes it more difficult 
for individual persons to satisfy the traditional conditions for moral and 
legal culpability: intention, foreseeability, and control” (Santoni De Sio 
& Mecacci, 2021, p. 1058). CAs will likely satisfy both criteria in case of 
a bad outcome for a patient. First, LLMs are famously uninterpretable for 
laypeople and even engineers; they are essentially gargantuan networks 
of associations, meant to mirror semantic associations between lexical 
items found in human text data. Second, their operation can be unpre
dictable, difficult (or impossible) to explain, and they do not come with 
human-in-the-loop functionality (though that may be possible to 
implement). Given this, responsibility gaps would likely arise often, and 
reactive attitudes of blame and responsibility would be appropriate for a 
patient to have in cases when things go badly for them (for example a 
relapse in substance abuse disorder or major depression, suicide, etc.). 
Yet, there would not be any one individual or group to which re
sponsibility can be attributed.

The situation is further complicated when we look at the specifics of 
practice and its consequences on ethical and legal norms that protect the 
patient (and provider) from hazard, harm, and financial loss. Re
sponsibility (both legal and moral) in the domain of psychotherapy is 
already complicated by the multiplicity of normative contexts around 
the world and the general lack of consensus about its status as medicine. 
For example, in the United States, psychotherapy can be delivered by 
psychologists with PhDs, psychiatrists with MDs, licensed clinical social 
workers, or pastoral counselors, among others. In the EU, generally a 
degree in psychology is required and certification from country-specific 
organizations, but psychotherapy itself is not regulated at the EU level. 
In this context, adding CA-psychotherapists will complicate how criteria 
for administering psychotherapy are interpreted and what happens 
when things go badly for the patient (or provider) during treatment. In 
the US, patients have recourse in civil court to make a case for negli
gence or malpractice. In most of the EU malpractice litigation is far less 
common and compensation is limited. It is not at all clear how they 
could do this with an artificial agent.

3.3.3. Duty to warn
One of the obligations of therapists under their duty of care is to 

continually assess the extent to which (if at all) a patient poses a risk to 
themselves or others, suicidal or homicidal, or has violent intentions of 
other sorts, come about because of interactions with the CA (Kaser-Boyd, 
2015; Simon, 2002). In some of these cases, it is permissible or even 
required morally and sometimes legally to breach patient confidentiality 
for the sake of protecting the patient, themselves or (more controver
sially) third parties (Steyn, 2006; Liégeois & Eneman, 2012; Jobes & 
O’Connor, 2009). Because of the very serious consequences of such a 
breach, these decisions require significant professional judgment based 
on training and often discussion with colleagues. The mere possibility 
that the CA-psychotherapy agent may record and share patient disclo
sures to fulfill this goal would likely undermine the effectiveness of the 
intervention, potentially having a chilling effect on what they disclose. 
Either way, without the ability to stop harm or with the ability to stop it, 
the therapeutic alliance could be undermined. Given all the above ob
servations, we should assume that for the foreseeable future the 
CA-‘therapist’ will not be able to discharge the duty of care or associated 
obligations (See those outlined in APA Code, Principle A and Principle B 
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and Principle E).

3.3.4. Vulnerability and acceptance
In the ethics of mental health care special attention is paid to the 

vulnerability of users of technology and patients, mirroring the broader 
concern with vulnerability in medical ethics (Mackenzie, 2014; Rogers 
et al., 2012; Ten Have, 2015; Vayena et al., 2018). People in need of 
mental health care experience both inherent and situational vulnera
bility (Rogers et al., 2012). Inherent vulnerabilities stem from their 
physical, emotional, and psychological illnesses and frailties, while 
situational vulnerabilities are a result of an individual’s position in so
ciety and characteristics that can be mitigated through distribution of 
resources (Mackenzie, Rogers, & Dodds 2014).

In the case of CAs in mental health care, different user groups may 
experience different kinds of vulnerabilities and thus require different 
types of safeguarding. Particular attention must also be given to the 
usability and acceptance of CAs amongst particular user groups. For 
example, some elderly people may not have the digital literacy neces
sary to fully engage with CAs and this needs to be taken into account in 
the design process. There are several systematic approaches which 
attempt to ensure that the interests and values of users are taken into 
account in technology design, including value sensitive design 
(Friedman & Hendry, 2019), participatory design (Simonsen & Rob
ertson, 2013), inclusive or universal design (Clarkson et al., 2013), and 
capability sensitive design (Jacobs, 2020; Oosterlaken, 2009). Although 
using these methods does not guarantee inclusivity or usability, they 
prioritize the participation of potential user groups in the design process 
and frontload consideration of user values, diversity, and vulnerabilities.

3.4. Concerns related to partial replacement of human practitioners with 
CAs

Using CA in conjunction with a human therapist as blended care 
allows for remote monitoring of symptoms and at home exercises or 
interventions. There are four sets of normative questions to raise in the 
context of blended care. The first question concerns the status of the 
information, chat logs, exercises, etc. that is generated by patient 
interaction with the CA. Records generated in conversations with a 
therapist, notes, etc. are guarded by doctor-patient confidentiality. 
These documents often complement one-on-one sessions with the ther
apist, facilitating conversation, and allowing for the monitoring of 
progress, and other process related record keeping (APA 6.01 and 6.02). 
Therapists are also obligated to keep records of their treatment plan, 
diagnosis, etc. Blended care with CA introduces questions about the 
norms that should govern information that the patient discloses via their 
use of the CA.

The first normative challenge here is that there are no guidelines for 
therapists specifically vis-à-vis information disclosed via interactions 
with a conversational agent in a blended care context. At the same time, 
the data collected through the CA is protected by more general regula
tions like the General Data Protection Regulation (GDPR)—at least in 
countries that have that legal regime. This is a broad concern that is not 
unique to the CA-psychotherapy context and outside the scope of this 
paper, so we set it aside.

The second set of questions comes from practical problems of 
interpretation of text. There is an increased possibility of false negatives 
when face-to-face (FTF) interaction is decreased through text-based in
teractions. As Karcher and Presser (2018, p. 10) observe: 

“if the client is in high distress but the psychotherapist is unable to 
judge this based on the client’s self-report via text, the client may be 
at increased risk or may feel misunderstood. Furthermore, a psy
chotherapist may have difficulty judging whether a client is dis
closive and following recommendations when assessing risk and the 
means of communication is electronic. Thus, psychotherapists need 
to take precautions when using mHealth in order to accurately assess 

the client’s mental state during non-FTF interactions so that [APA] 
Standard 3.04 [Avoiding Harm] is not violated”

This and many other possible problems associated with mediating 
patient input through an app shed doubt on at least one of the purported 
advantages of using blended CA-based interventions: the promise of 
non-judgmental regard during the conversation and to encourage people 
who fear stigma to seek help. Even if they are encouraged to do so, we 
have no way of knowing whether they are indeed engaging in the sort of 
disclosure sought after in a therapeutic context and the mediation of 
therapy-related disclosures through technology may lead the therapist 
in the wrong direction during treatment.

The third set of questions arise when we conceive of the CA as a third 
party that enters the therapeutic relationship with the patient and 
doctor. Of course, it is already the case that many patients, especially 
those with complex diagnosis, are treated by teams of providers, social 
workers, therapists and psychiatrists for example. These providers have 
different sets of expertise, experience, and treatment modalities, and 
roles. So, one may wonder, what difference would adding a CA to this 
group make, generally speaking? If there is a CA involved, patients may 
also come to see it as another member of the care team whose approach 
or advice they prefer and trust more, and even take the recommenda
tions given by the CA as more authoritative or objective. People some
times treat automated systems and especially those powered by AI as 
more objective than people, who may be perceived as prone to bias 
(Choung et al., 2023; Claudy et al., 2022). This would potentially 
challenge the authority of the human team members and could derail 
the treatment plan without the human therapist knowing until it is too 
late. Another problem is that CA advice may simply be more palatable to 
the patient than therapist advice.

The fourth set of questions arise from the fact that introducing a CA 
into the therapist-patient relationship changes the extent to which the 
patient themselves would be rational to feel trusted. Conventional 
therapy often involves asking patients to incorporate specific activities 
(or abstain from others) into their daily lives, keep thought records, 
engage in mindfulness, exercise, boundary setting, etc. Engaging with a 
CA would be a part of these exercises or a replacement for some of them. 
But CA-blended care is different from most of the other “homework” that 
patients are assigned. It can keep an objective record of how much and 
how often the patient is engaged with it. Instead of relying on patient 
self-reports and reflections, therapists have the possibility of checking 
the meta-data on CA engagement, if not accessing the content itself. The 
patient would be rational to think of themselves as being under 
continual surveillance and in a constant state of treatment, having the 
CA function as a sort of mental health panopticon.

As CA-psychotherapy tools grow in technical sophistication, the 
possibilities for surveilling patients outside of the therapist’s office will 
expand. This possibility can undermine the patient’s sense that their 
therapist trusts the veracity of their self-reports, increasing their expe
rience of vulnerability in a relationship in which power is already 
heavily skewed towards the therapist. There is extensive evidence on the 
many ways in which being in a state of feeling one is “being watched” 
can alter one’s relationships, thoughts, and behaviors (Dear et al., 2019; 
Foucault, 1977). At the same time, frequent engagement with CA, or 
even the affordance for such engagement, via one’s smartphone poten
tially expands the amount of time and the contexts within one conceives 
of oneself as a patient or someone struggling with their mental health.

In general, embedding CAs in the broader socio-technical systems of 
mental healthcare in diverse contexts is fraught and under-unregulated. 
In the United States, the Food and Drug Administration regulates the 
development and use of medical interventions, including devices, 
medicines, and therapies, broadly construed. The regulatory landscape 
is not yet fully formed and in some places around the world, non- 
existent. What this means is that the obligations of developers of the 
interventions and the obligations of cpractitioners have no obvious 
priority over each other in specific cases. In other words, it is not clear 
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under which regulatory regime a particular mental health application 
finds itself before it even makes it into a therapeutic context.

Given that the topic of this paper is highly interdisciplinary and that 
technology and applications are rapidly evolving a directed narrative, an 
interpretive approach shaped by a theoretical orientation and diverse 
disciplinary backgrounds brings into focus that these issues are ulti
mately normative and demand careful reflection about values at both an 
institutional and societal level. It also makes clear where further 
research is needed, namely, in the normative dimension of different 
types of CAs and their features as they relate to specific patient groups, 
for example, patient age, gender, treatment history, and mental health 
condition.

4. Conclusion

Recent decades have seen an increasing incidence of mental health 
disorders, seemingly without a proportional effort to meet the amplified 
demand for care, considering the high treatment gaps worldwide. The 
dominant model of treatment in Western countries plays a substantial 
role in maintaining the treatment gap due to its reliance on the avail
ability of mental health providers and the stigma associated with 
seeking care. CAs hold promise for helping bridge this gap through 
stepped and blended care approaches and by serving as “safe havens” for 
those who fear stigma from others. Yet the advantage of the accessibility 
and scalability of CAs is ample fuel for techno-solutionism, which ob
scures deeper socioeconomic problems and potentially fosters new 
clinical and ethical challenges. As we pointed out in this paper, CAs may 
transform the normative landscape of mental healthcare delivery in 
ways that, if unregulated, could compromise patients’ trust in health
care systems, broadly speaking, due to violations of practitioners’ pro
fessional and ethical obligations and confusion about responsibility. Our 
recommendation is therefore that, until clinical efficacy has been 
established and regulatory frameworks are in place, CAs should be 
implemented with caution, not only for the patients’ sake in the short 
term but also to preserve their trust in healthcare systems.
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