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Abstract
The Qualitative Job Insecurity Scale (QUAL-JIS) has been used in job insecurity (JI)

research for the past nine years, without undergoing a formal validation process. The goal of
the current study was to test the scale’s psychometric properties. We checked the scale’s
reliability, as well as its validity, investigating evidence based on the scale’s content, internal
structure, and relations to other variables (convergent and discriminant, predictive and
concurrent, as well as incremental predictive evidence). We additionally evaluated its cross-
country and longitudinal invariance over three measurement times (six months apart) in two
countries (Romania and Belgium; Nro = 388, Nee = 1992). We found evidence for the scale’s
reliability and validity, QUAL-JIS showing partial scalar invariance across time and between
the two countries. Interestingly, qualitative JI measured with QUAL-JIS explained additional
variance in the employees’ need for recovery above and beyond another popular qualitative JI

scale.

Keywords: qualitative job insecurity, scale validation, longitudinal, cross-country.



Introduction
Job insecurity (J1), a “sense of powerlessness to maintain desired continuity in a

threatened job situation” (Greenhalgh & Rosenblatt, 1984, p. 438), is currently one of the
most prevalent workplace stressors (Lee et al., 2018). Research consistently found JI to be
harmful both for organizations and their employees (Shoss, 2017), with a recent meta-
analysis (Sverke et al., 2019) concluding that JI is negatively associated with multiple types
of impaired employee performance, and numerous studies providing evidence for the
detrimental effect of JI on the employees’ well-being, including their mental and physical
health (De Witte et al., 2016; Sverke et al., 2002).

JI was initially conceptualized with two main components: the concern about losing
the current job, and the perceived threat of losing valued job features (Greenhalgh &
Rosenblatt, 1984), coined quantitative and qualitative job insecurity respectively (Hellgren et
al., 1999). Quantitative JI has attracted most attention, but qualitative JI research is quickly
accumulating. Research (e.g., Fischmann et al., 2015; Gallie et al., 2017; Hellgren et al.,
1999; Niesen et al., 2018) has identified both similar and different correlates for quantitative
and qualitative JI, further emphasizing the need to distinguish between the two.

Given the increased attention for qualitative JI, our aim is to validate the QUAL-JIS
scale. This scale has been used in at least six countries (e.g., Fischmann et al., 2018; Garrido
Véasquez et al., 2017; Niesen et al., 2018; Roll et al., 2019; Urbanaviciute et al., 2018; Virga,
2015), yet to date without formal validation. The QUAL-JIS has a couple of unique features
compared to other existing qualitative JI measures. First, the QUAL-JIS is relatively short
(only four items) and shorter than the scales developed by Ashford et al. (1989), Lee et al.
(2008), or O’Neill and Sevastos (2013). This is an advantage when the aim is to easily
integrate the scale in more complex study questionnaires, where the total number of items is a
deciding factor. Second, the QUAL-JIS is generic, unlike most measurements of qualitative

JI, including Blotenberg and Richter (2020), Brondino et al. (2020), Burr et al. (2019), or



Hellgren et al. (1999). Designing scales for a specific organizational context, targeting a
number of specific job features, may be preferred in some cases. However, QUAL-JIS was
meant to cover all possible features, with its generic items. We propose that the QUAL-JIS’s
briefness and genericity could make it an ideal instrument to measure qualitative JI in most
circumstances.

Our goal in the current article is to describe the QUAL-JIS scale, to check if it is
reliable and valid, and to consider whether scholars can confidently use it to measure
qualitative JI. We will start by describing qualitative JI and explaining how the QUAL-JIS
scale fits the construct. We continue with analyses of the scale’s reliability and validity and

conclude with recommendations for its future usage.

Quialitative JI: construct and measures
In their conceptual paper, Greenhalgh and Rosenblatt (1984) defined qualitative JI as

the perceived threat of losing job features while keeping the current job. They also suggested
a list of job features deemed to be principally associated with qualitative JI, like career
progress, income stream, or autonomy.

The outcome of this conceptualization was the scale developed by Ashford et al.
(1989): a 57-items measure, which covered both quantitative and qualitative JI. The Ashford
et al. (1989) scale is arguably the most complete JI measurement tool in use today, yet it
comes with some limitations. First, the measure is demanding for respondents and time-
consuming. The result is that it is not often used in studies, due to concerns about
questionnaire length. Second, the scale covers many but not all possible valued job features,
and some features that appear important in today’s working life are missing. Examples of
some lacking aspects are the opportunity to grow professionally (develop new skills, or
enhance existing ones), a healthy work environment (including respect among colleagues,
helping behaviours within the team, and lack of mistreatment behaviours), the presence of a

mentor, the ability to work remotely when needed, or paid time off to take care of children.



As such, the scale’s ability to offer a comprehensive overview regarding a person’s
qualitative JI may have decreased during the last three decades, given the everchanging job
types, work environments and employee work-related expectations.

Only the first limitation of the Ashford et al. (1989) scale has been addressed in more
recent versions of the scale (abridged and bare-bones, see Lee et al., 2008) and with the
introduction of other shorter qualitative JI measures on specific characteristics of work. For
example, the scale developed by Hellgren et al. (1999), one of the most popular Ji
instruments to date, addressed the issue of scale complexity by reducing the number of job
features to four. This selection was fitted to the specific organizational context in the study.
Yet, specific items which are relevant in one context should not automatically be assumed to
be reflecting qualitative JI in other settings. Other scales used in the qualitative JI literature
(e.g., Chirumbolo & Areni, 2010; Kalyal & Sverke, 2010; Lastad et al., 2015), are based on
Hellgren et al. (1999), having one item added or removed. As such, they retain the same
merits and disadvantages as the original scale.

Other examples are two recently published qualitative JI scales, namely the
Multidimensional Qualitative Job Insecurity Scale (MQJIS), validated by Brondino et al.
(2020), and the Qualitative Job Insecurity Measure (QJIM), validated by Blotenberg and
Richter (2020). MQJIS and QJIM are arguably upgrades compared to the Hellgren et al.
(1999) scale, given the assessment of potentially twice respectively three times as many job
features. However, the underlying issue of item specificity remains the same: measurements
such as MQJIS and QJIM may be ideal in certain organizational settings, where there is a
need to identify the more prominent aspects of qualitative JI, while a generic scale could be
used initially to assess the extent to which employees feel insecure.

The O’Neill and Sevastos (2013) Multidimensional Job Insecurity Measure (JIM)

includes a six items subscale which measures “job changes insecurity”, a replacement term



the authors used instead of qualitative JI. In addition to three generic formulated items, this
scale also includes three items covering specific aspects of the work situation. This still
implies that the experience measured by the JIM may not be equally applicable to all
employees, as the selection of specific aspects that might be threatened could be relevant to
some employees but not to others. Moreover, the authors’ decision to use a new name for the
construct instead of “qualitative JI”” may have inadvertently obscured this scale from other JI
researchers, resulting in a very low adoption rate by the JI research community. The
COPSOQ Insecurity over Working Conditions scale (Burr et al., 2019) is very similar to JIM,
insofar as it contains a combination of one generic and four specific items. It also offers a
medium (three items) and a core (one item) version, both listing only specific job features.
Hence, the second limitation of the Ashford et al. scale (1989), namely that most
instruments are measuring specific characteristics of work, implying the risk that important
facets are missing, remains an issue of concern also in these shorter instruments. A possible
solution would be to use a small number of items, tailor-fitted to each situation (as was the
case in the Hellgren et al., 1999 study). This, however, raises a series of methodological
problems. First, it is impractical to validate a new instrument for each usage. Second, an
instrument created for one context may be wrongly reused in a different one. Last, the
generality aspect is of the utmost importance for the instrument’s ability to measure the
intended construct: no matter how many specific job features are listed in a scale, there can
never be any certainty that one covers all (or most) of the aspects valued by an employee in a
particular context, or over time. For the reasons above, we argue for the need for a short
generic qualitative JI scale, usable in any context. In the following section, we describe the

QUAL-JIS scale and show that it overcomes all the issues listed above.

The QUAL-JIS scale
The QUAL-JIS scale is a four-item measure, developed by Hans De Witte and Nele

De Cuyper in 2011, in response to the need for a short and generic scale. A panel of twelve



experts, PhD students and professors in work and organizational psychology, was consulted
by the authors, during a seminar organized for this purpose, to confirm the items’ coverage of
the qualitative JI construct. They addressed issues regarding the correct operationalization of
the construct, to ensure both a close match between the items and the construct, and a high
degree of item clarity, resulting in the final form of each item. As a next step, a check was
performed on a group of non-experts, to verify if their understanding of the items was
appropriate, and that the given answers were in line with what the authors expected. This
convenience sample comprised of eighteen working respondents was asked to fill in the
questionnaire, to assess each item’s clarity in meaning, and to detail any problematic aspects,
in their view. Although used in several studies in at least six countries (i.e., Belgium, China,
Germany, Lithuania, the Netherlands, and Romania), no formal validation of this scale has
been performed thus far. The QUAL-JIS scale was proposed as a counterpart of an already
popular four-item quantitative JI scale, developed by De Witte (2000), and validated by
Vander Elst et al. (2014).

In Table 1, we list the items in English, while the Dutch and Romanian versions, used
in this study, are listed in Fischmann et al. (2021). By inspecting the items, it becomes
apparent that the QUAL-JIS scale differs from other qualitative JI instruments by the fact that
it instructs the respondent to state how much they agree with four generic items, rather than
listing specific job features. The respondents are thus allowed to refer to any of their job
characteristics and are not restricted to a predefined set. Consequently, we conclude that the
QUAL-JIS scale was not affected by the item specificity issue, being generic and as such
usable in a wider variety of contexts compared to other scales.

The formulation of generic statements allowed for a significantly smaller number of
items. With only four items, the QUAL-JIS scale can be included in most questionnaires

without too large of an overhead.



Table 1

Items of the QUAL-JIS scale

English version

Instructions for the respondent: To what extent do you agree with the following

statements?

Response options: 1) Completely disagree; 2) Disagree; 3) Partially agree, partly

disagree; 4) Agree; 5) Completely agree

Item 1: | think that my job will change for the worse in the near future.

Item 2: | feel insecure about the characteristics and conditions of my job in the

future.

Item 3: | am worried about what my job will look like in the future.

Item 4: Chances are, my job will change in a negative way.

The current study
Research already provided validity evidence for QUAL-JIS, in the form of

associations with known outcomes of qualitative JI, such as employee well-being (Nikolova
etal., 2019; Roll et al., 2019; Urbanaviciute et al., 2020; Van den Broeck et al., 2019),
physical and mental health (lliescu et al., 2017), various types of performance (in-role:
Fischmann et al., 2018; extra-role: VVan den Broeck et al., 2014; idea generation: Niesen et
al., 2018; innovative work behaviour: Roll et al., 2015; learning: Van Hootegem & De Witte,
2019), and turnover intent (Urbanaviciute et al., 2018).

The current study’s purpose is to build on previous findings and further assess
whether the QUAL-JIS scale is reliable, valid, and invariant across time and between

countries.



Reliability
We assessed the scale’s reliability by means of an internal consistency indicator,

Cronbach’s alpha coefficient. Although there is no definite statistical criterion regarding the
recommended threshold for the alpha coefficient, values between .70 and .95 are generally
reported as acceptable (Tavakol & Dennick, 2011), values larger than .80 show very good
reliability, and extremely high values possibly (but not necessarily) indicate redundancy
among items (Hulin et al., 2001). We thus formulate:

H1. The QUAL-JIS scale is reliable.

Validity
We investigated QUAL-JIS’s validity by assessing a number of aspects: whether the

instrument covers the complete scope of the construct, if the theoretical construct of
qualitative JI is operationalized correctly and thus QUAL-JIS is measuring the right
construct, and if measuring qualitative JI with QUAL-JIS results in expected relations with
some known outcomes.

Distinctiveness from Quantitative JI. As an initial step to verify the construct-
related aspect of validity, we need to be able to discern between the two facets of JI,
quantitative and qualitative. Research already established that the two types of JI, although
sharing several predictors and outcomes, are distinct constructs, relating differently to
outcomes such as employee performance and well-being (De Witte et al., 2010; Fischmann et
al., 2015; Gallie et al., 2017; Hellgren et al., 1999). The two should thus appear distinct from
one another in a confirmatory factor analysis (CFA). We thus formulate:

H2. Qualitative JI measured with the QUAL-JIS scale is distinct from quantitative JI.

Contrary to the first two hypotheses, which use country data independently, the next
validity-related hypotheses are tested with models using cross-county data. As such, as a next
step, we investigate the cross-country invariance, before continuing with further validity

checks.



Cross-Country Invariance. We collected data from two countries, Belgium and
Romania. Including both countries is of interest given that they differ on structural aspects,
economic conditions and cultural dimensions (Hofstede, 2011). For a brief structural,
economic, and cultural comparison of the two countries, see Fischmann at al. (2021).

To be able to compare means across countries, QUAL-JIS must display scalar
invariance. We must thus evaluate three levels of invariance: configural invariance (i.e., the
model holds for both counties), metric invariance (i.e., besides configural invariance, the
factor loadings are the same across measurements), and scalar invariance (i.e., besides metric
invariance, the intercepts are invariant between measurements). Configural invariance means
that the assignment of scale item scores onto the latent factor produces a model with a good
fit for both countries. Metric invariance shows that each item contributes to the latent
construct in the same way in Belgium, as in Romania. If the two translations of the scale are
scalar invariant, then raw scores (and, by consequence, means) obtained in these countries
can be meaningfully compared. We hypothesize:

H3: The QUAL-JIS scale shows configural, metric, and scalar invariance between

countries.

Convergent and discriminant evidence. Our study includes checks for two
additional aspects of validity. We assess convergent evidence as the degree to which
qualitative JI measured with the QUAL-JIS scale is related to quantitative JI, a construct
known to be theoretically related to qualitative JI. Theoretical works (e.g., Greenhalgh &
Rosenblatt, 1984) as well as empirical studies (e.g., Fischmann et al., 2015) have shown the
two types of JI to be related, though distinct. For discriminant evidence, we must determine
that qualitative JI measured with the QUAL-JIS scale is not related to a dissimilar construct.
Work engagement was theorized as the opposite of burnout (Schaufeli et al., 2002), as a state

of mind characterized by vigour, dedication and absorption. Dedication is characterized by a



strong involvement in one’s work, accompanied by a sense of significance, enthusiasm,
inspiration, pride, and challenge (Schaufeli & Bakker, 2010). Since JI theory and work
engagement theory define JI components and work engagement facets in completely different
contexts as separate constructs, we expect that, e.g., qualitative JI is distinct from the work
engagement facet of dedication. A correlation coefficient larger than .50 is indicative of a
strong correlation (Cohen, 1988). Therefore, we hypothesize:

H4. Qualitative JI measured with the QUAL-JIS scale correlates strongly and

positively with quantitative JI.

H5. Qualitative JI measured with the QUAL-JIS does not correlate strongly with

dedication.

Test-criterion relationships. We verify two aspects of validity related to QUAL-
JIS’s ability to measure qualitative JI in relationship with one of its known outcomes: the
predictive aspect (qualitative JI measured with QUAL-JIS predicts the criterion in a future
time point) and the incremental one (the QUAL-JIS scale outperforms an alternative measure
of qualitative JI in how much variability it explains in the outcome). We chose the need for
recovery as the criterion variable. According to transactional stress theory (Lazarus &
Folkman, 1984), when people encounter a stressor (e.g., qualitative JI), they engage in a two-
parts cognitive process: first the individuals evaluate what is at stake (e.g., the future
characteristics of the job) and then they consider how they can handle it. The efforts invested
in coping with stress may lead to fatigue and decreased energy, and, in turn, to increased need
for recovery. As a preliminary test before checking the predictive aspect of validity, we need
to verify that the QUAL-JIS scale is invariant across time. If QUAL-JIS displays scalar
invariance across time, then the scores obtained by the participants would have the same
meaning, being comparable to one another and, as such, could be used in across-time means

comparisons. Consequently, we propose:



H6: The QUAL-JIS scale shows configural, metric, and scalar invariance across time.

H7. Qualitative job insecurity measured with the QUAL-JIS scale predicts need for

recovery over time.

Being generic, we expect the QUAL-JIS scale to be superior to existing non-generic
scales in capturing the complete construct of qualitative JI. A generic scale should, by
definition, cover the whole construct, while a scale measuring specific characteristics of work
can only reflect part of it. As such, we hypothesize that QUAL-JIS would explain additional
variance in the outcome, in an incremental manner, compared to another qualitative JI scale.

H8. The QUAL-JIS scale explains additional variance for the need for recovery,

compared to a qualitative JI scale measuring specific characteristics of work.

Method

Procedure and participants
Our hypotheses were tested using a Romanian (Sample 1) and a Belgian sample

(Sample 2). Specifically, hypotheses 1-7 were tested using both samples, while hypothesis 8
was tested using Sample 2, because qualitative JI measured with the Hellgren et al. (1999)
scale was not included in the Romanian version of the questionnaire.

For Sample 1, we used a snowball procedure. Four trained interviewers commissioned
from a survey company and supervised by a field supervisor collected the data, each in a
different Romanian city. The contract with the survey company specified that we would
receive data on 400 participants, three times, six months apart: May 2012 (T1-RO),
November 2012 (T2-R0O), and May 2013 (T3-RO). The entry procedure was based on the
random selection of a household, out of the census list of households. One participant from
the household filled out a self-administered paper-and-pencil questionnaire at home, which
was then handed back to the interviewer. After completion of the questionnaire, each
participant was asked to recommend at least one other person for participation, and these

leads were followed up to a total of 400 respondents. To control for some of the limitations of



the snowball procedure, each participant was asked to recommend other participants who are
as different as possible from themselves regarding demographic characteristics such as age,
gender, or occupation. The participants agreed to provide data three times, six months apart.
They were also advised that participation was entirely voluntary, that they were free to refrain
from answering questions, and that their responses would be treated as confidential at the
individual level.

We removed the answers from four participants who did not provide complete
answers for the study variables and eight participants who were self-employed, remaining
with a sample size of N1 = 388. The age of the participants at T1-RO varied between 19 and
65 years (M = 36.00; SD = 9.94). More than half of the participants (56%) were female. With
regard to professional level, 2.6% of the respondents were unskilled blue-collar workers,
13.4% were skilled blue-collar workers, 28.1% were lower-level white-collar workers (e.g.,
typist, secretary, operator), 24.5% were intermediate white-collar workers (e.g., programmer,
instructor, representative), 24.7% were upper white-collar workers (e.g., administrator,
engineer, teacher) and 6.2% held a managerial job. Most participants (94.3%) worked under
full-time contracts, and 92.3% were employed on a permanent base.

For Sample 2, data were collected among a heterogeneous group of employees in
Flanders (Belgium) in April 2012 (T1-BE), November 2012 (T2-BE), and April 2013 (T3-
BE), thus with a time lag of approximately six months between subsequent measurements. At
T1-BE, readers of a Flemish human resources magazine were asked to participate in a large-
scale survey on the impact of insecure work on workers’ functioning. We emphasized the
voluntary participation and the confidential treatment of the study results. As the focus was
on employees in the working-age (18-65 years), self-employed workers and individuals
outside the 18-65 years age span were omitted from the sample. This selection resulted in a

group of 3415 employees with complete answers at T1-BE. Most of these respondents



provided a correct email address (N = 2223) and could be invited to the survey a second and a
third time. At T2-BE, 957 individuals joined the study, and at T3-BE information was
provided by 858 people. We removed all participants (n = 229) who became unemployed at
T2-BE or T3-BE as well as respondents who changed jobs between the measurements, as job
transitions may have influenced the lagged relationships. Therefore, a final sample of 1994
employees who participated in the survey at least once resulted (i.e., at T1-BE). We removed
the answers for two participants since they did not provide complete answers for the study
variables, remaining with a sample size of N2 = 1992.

Sample 2 was a heterogeneous group of employees working in both the private
(63.5%) and the public sector (36.5%) and in different types of branches (e.g., industry, retail,
education, health care, IT). Respondents’ mean age was 38.05 years (SD = 11.49), and the
majority were female (64.3%). Eleven percent were blue-collar workers, 65.6% were white-
collar workers, and 23.9% were managers (i.e., supervisors and members of the board). Most
of the respondents (88.1%) had a permanent contract, and many worked on a full-time basis
(77.1%).

Measures
All scale reliabilities are shown in the Results section, in Table 2 for the Belgian data

and in Table 3 for the Romanian data.

Qualitative JI. In all samples, qualitative JI was measured with the QUAL-JIS scale,
as described in Table 1. Additionally, we measured qualitative JI at T2-BE and T3-BE, with
the Hellgren et al. (1999) scale. The items were rated on a 5-point Likert-type scale (1 =
“totally disagree”; 5 = “totally agree”). A sample item is “My pay development in this
organization is promising” (reverse-scored item).

Quantitative JI. We measured quantitative JI, in both samples, with the four-item

Job Insecurity Scale (JIS) developed by De Witte (2000) and validated by Vander Elst et al.



(2014). The items were rated on a 5-point Likert-type scale (1 = “totally disagree”; 5 =
“totally agree”). A sample item is “I think I might lose my job in the near future”.

Dedication. We measured dedication with the three items from the short version of
the Utrecht Work Engagement Scale (Schaufeli & Bakker, 2010). The items were rated on a
6-point Likert-type scale (0 = “never”; 6 = “always/ every day”). A sample item is “I am
enthusiastic about my job”.

Need for recovery. We measured the employees’ need for recovery with three items
from the Short Inventory to Monitor Psychosocial Hazards (Notelaers et al., 2007). The items
were rated on a 5-point Likert-type scale (1 = “totally disagree”; 5 = “totally agree”). A

sample item is “I find it difficult to relax at the end of a working day”.

Analysis
Our study has four main parts. First, we checked for scale reliability, by means of

Cronbach’s alpha, on all six sample-time point combinations. Second, we used data from T1
in both samples, to perform a CFA of the measurement model, to verify invariance across the
two countries, and to test for convergent (with quantitative JI) and discriminant (against
dedication) evidence of the QUAL-JIS scale. Third, we tested whether qualitative JI
measured with QUAL-JIS predicted the need for recovery, in a longitudinal setting for each
country. Last, we check for incremental predictive evidence of the QUAL-JIS scale in
comparison with another well-known qualitative JI measure, on the Belgian sample, at T2
and T3.

We used structural equation modelling for our CFA and invariance analyses. We
performed a CFA on the measurement model at T1, where we did not allow any measurement
errors to covary, except for the ones associated with the first and third items of the
quantitative Jl scale (see Figure 1). Given the very similar wording of the two items,
compared to the rest of the quantitative JI scale, it was not surprising that they shared some

additional variance, besides that covered by the latent factor. As such, we decided to keep the



inter-error correlation in the model. The model goodness-of-fit was evaluated by using
absolute fit indices (the chi-square statistic, the standardized root mean squared residual, and
the root mean square error of approximation) and relative fit indices (the non-normed fit

index and the comparative fit index).
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.63; .57 QNTII4
.75; .98
.84; .86 QAUIT
734; .90 QAUII2
.84; .84
QAUI3

76;.79 QALJI4
-38;-.25

.90; .94 WED1

.90; .85 WED?2

H005600066 6068

.85; .86 WED3

-.27; .04ns
.71; .65 NFR1
.74; .73 NFR3

Figure 1 The four-factor models, M1 (BE sample) and M3 (RO sample). In each pair, the first
value is from M1 and the second one from M3. Standardized factor loadings and inter-factor
correlations are displayed. No inter-error correlations were allowed, except for E1-E3.
QNTJI = quantitative job insecurity; QALJI — qualitative job insecurity; WED = work
engagement dedication; NFR = need for recovery.

Values smaller than .06 for RMSEA and .08 for SRMR, combined with values higher than

.95 for NNFI and CFI are considered to indicate a good fit (Hu & Bentler, 1999). We



compared two theoretically possible models for each country (see Table 4), using the Chi-
square difference test: M1 and M3 the four-factor CFA model (i.e., quantitative JI, qualitative
JI, dedication and need for recovery), versus M2 and M4 a three-factor model where
quantitative and qualitative JI loaded on the same factor.

We checked for measurement invariance between countries and for each country over
time. We assessed configural invariance with multi-group CFA analyses by including all the
compared groups simultaneously in the model. This resulted in three separate analyses: one
between the two countries, at T1, a second one, between T1, T2, and T3 in the Belgian
sample, and a third one, between T1, T2, and T3 in the Romanian sample. Good model fits
indicate configural invariance. Each subsequent level of invariance (metric and scalar) is
considered fulfilled if the respective model does not show a fit decrease compared with the
configural invariance model (i.e., the baseline model, Schmitt & Kuljanin, 2008). If RMSEA
increases by at least .015 and CFI decreases by at least .01, we conclude that we have a
significant decrease in model fit (Chen, 2007; Cheung & Rensvold, 2002). If full scalar
invariance is supported, one can confidently carry out comparisons of observed scores and
means. Partial scalar invariance would indicate that in certain cases such comparisons may be
allowed, while in other cases the non-equivalent items should be removed (for a detailed
discussion see Putnick & Bornstein, 2016).

Given the fact that QUAL-JIS is used mostly in organizational psychology research,
and that the de facto standard for the usage of such a scale in this context is to calculate total
scores either as a sum, or as an average of the individual observed item scores, we decided to
use similar methods in our next validation steps. This way, our findings would be directly
compatible with what other research already established, or will show, in the future. We
performed validity checks for the QUAL-JIS scale by means of zero-order correlations and

hierarchical linear regressions based on observed scores, to gather evidence regarding the



relationships with other variables (converging with quantitative JI, discriminating against

dedication, predicting the need for recovery, and incrementally predicting the need for

recovery beyond another qualitative JI scale).

Structural equation modelling analyses were performed in IBM SPSS Amos 27, while

for all other analyses we used IBM SPSS Statistics 27.

Results

Reliability. Correlations, as well as means, standard deviations and scale reliabilities

are shown in Table 2 for the Belgian data and in Table 3 for the Romanian data.

Table 2

Correlations, reliabilities, means, and standard deviations in the Belgian sample

Variables M SD 1. 2. 3. 4, 5. 6. 7. 8. 9. 10. 11. 12.
1. QUAL-JIS (T1) 263 .94 (.89)

2. QUAL-JIS (T2) 2.88 .80 67 (.81)

3. QUAL-JIS (T3) 293 .79 .60 72 (.82)

4. Other qualitative JI (T2) 3.05 .68 .38 .59 .50 (.70)

5. Other qualitative JI (T3) 3.09 .68 .33 .48 .61 .65 (.69)

6. Quantitative JI (T1) 215 .92 .60 44 37 32 26 (.89)

7. Quantitative JI (T2) 214 86 46 58 44 40 35 72 (.89)

8. Quantitative JI (T3) 2.20 .89 43 .45 .57 37 .39 .69 .76 (.90)

9. Dedication (T1) 4.06 1.38 -.34 -.35 -.33 -37 -.30 -.23 -.24 -.24 (.92)

10. Need for recovery (T1) 2.46 .83 .34 .35 31 .16 18 .16 A1 .16 -.22 (.79)

11. Need for recovery (T2) 2.43 .90 .34 .35 31 .20 .23 13 A1 A11* -19 .73 (.83)

12. Need for recovery (T3) 2.38 .86 .32 43 .36 24 22 A7 .20 18 -17 .67 74 (.80)

Note. * p<.05, all other correlations p<.01. Cases excluded pairwise, N between 392 and 1992. Scale reliabilities
on the diagonal. T1 =time one, T2 = time two (T1+6 months), T3 = time three (T1+12 months). JI = job insecurity.
QUAL-JIS = qualitative JI measured with the QUAL-JIS scale. Other qualitative JI = JI measured with the

Hellgren et al. (1999) scale.

Table 3

Correlations, reliabilities, means, and standard deviations in the Romanian sample

Variables M SD 1. 2. 3. 4. 5. 6. 7. 8. 9. 10.
1. QUAL-JIS (T1) 2.00 .83 (.91)

2. QUAL-JIS (T2) 1.97 .66 .57 (.81)

3. QUAL-JIS (T3) 196 62 .49 59 (82)

4. Quantitative JI (T1) 201 80 .84 55 43 (.87)

5. Quantitative JI (T2) 195 64 50 78 48 59 (.78)

6. Quantitative JI (T3) 197 58 45 47 78 47 62 (72)

7. Dedication (T1) 375 158 -24 -.30 -16 -.28 -.26 -17 (.91)

8. Need for recovery (T1) 2.39 .84 .38 .23 .20 .28 .22 .18 .04ns (.72)

9. Need for recovery (T2) 2.52 .85 .35 .29 .22 .32 .28 .22 -0lns .69 (.72)

10. Need for recovery (T3) 2.69 .92 .35 .35 17 .32 .33 .16 -03ns .62 .80 (.73)

Note. ns = p>.05, all other correlations p<.01. N = 388. Scale reliabilities on the diagonal. T1 = time one, T2 =
time two (T1+6 months), T3 = time three (T1+12 months). JI = job insecurity. QUAL-JIS = qualitative JI

measured with the QUAL-JIS scale.



The QUAL-JIS scale was found to be reliable, with high Cronbach’s alpha values across
countries and time: o(T1-BE)=.89, a(T2-BE)=.81, o(T3-BE)=.82, a(T1-R0)=.91,
a(T2-RO)=.81, and a(T3-R0O)=.82. As such, H1 is supported by our findings.
Distinctiveness from quantitative JI. To assess whether qualitative JI, quantitative
JI, dedication and need for recovery could be used as separate variables, we performed three
CFAs on nested models for each sample, comparing a model with all four variables (M1 in
BE sample, M3 in RO sample) to one in which quantitative and qualitative JI were modelled
into a single variable (M2 in BE sample, M4 in RO sample). Results (see Table 4) indicated
that the four-factor model was the best fitting model in both samples, with indices showing a
good model fit for the Belgian (CFI =.974, NNFI = .966, RMSEA = .058, and SRMR =
.038) and the Romanian (CFI =.962, NNFI = .951, RMSEA = .074, and SRMR = .043) data.
M2 and M4 displayed significantly worse fit indices and did not show a consistently
acceptable fit between the two data sets. The fact that M1 and M3 outperformed M2 and M4

supports our hypothesis H2 that quantitative and qualitative JI are distinct from one another.

Table 4

Fit indices for CFA analyses

Model %2 df y2/df CFI NNFI SRMR RMSEA Ayx? Adf p

Measurement models Belgium at T1

M1 four-factor model 532.270 70 7.604 974 .966 .038 .058

M2 three-factor model 1720.485 74  23.250 .906 .885 .068 106  1188.22 4 <.001
Measurement models Romania at T1

M3 four-factor model 217261 70 3.104 .962 .951 .043 074

M4 three-factor model 235185 74 3.178 .959 .949 .046 .075 17.924 4 .001

Invariance between countries. We performed multi-group cross-country invariance
checks at T1 (see Table 5). In the configural invariance model we fixed the factor loading of
the first item for each time slot to 1 and its item intercept to 0. In the full metric invariance

model, we constrained the factor loadings for each item to be equal across time. In the full



scalar invariance model, we additionally constrained all item intercepts to be equal across
time. In the partial scalar invariance model, we freely estimated up to half of the item
intercepts in a stepwise procedure, to test for partial scalar invariance. We allowed the
intercepts for items 2 and 4 to vary between groups, since their selection provided the best
overall model fit indices. Results indicated that the QUAL-JIS scale displays configural (CFI
=.996, RMSEA = .045), full metric (CFI =.995, RMSEA = .042) and partial scalar
invariance (CFl =.994, RMSEA = .040) between the Belgian and Romanian data. H3 was
thus supported. As such, the scale meaning, measurement unit and origin seem to be similar,

allowing for means and raw observed scores comparisons between the two countries.

Table 5

Multi-group cross-country invariance checks

Invariance type 7 df ,Adf  CFI  NNFI RMSEA  Delta  ACFI ANNFI ARMSEA
M5 Configural invariance 23.442 4 5.856 .996 .989 0.045
M6 Full metric invariance 36.091 7 5.156 .995 .991 0.042 M6-M5 -.001 .002 -.003
M7 Full scalar invariance 141888 10 14.189 976 971 0.074 M7-M5 -.020 -.018 .029
M8 Partial scalar invariance 38.361 8 4.795 .994 .992 0.040 MB8-M5 -.002 .003 -.005

Convergence evidence. Next, we measured the Pearson correlation between the
qualitative and quantitative JI. Results were significant, positive, and of high strength in the
Belgian and Romanian samples, rr1.8e=.60, p<.001 and rr1-ro=.84, p<.001, data supporting
H4. Additionally, we calculated the inter-factor correlations in models M1 and M3 (see
Figure 1). The high inter-factor correlations between quantitative and qualitative JI (.75 in the
Belgian sample and .98 in the Romanian one) supported our hypothesis as well, while at the
same time raising the potential issue of distinctiveness between quantitative and qualitative
JI. We approached this issue in hypothesis H2 and we further discuss it in the Discussion

section.



Divergence evidence. The discriminant aspect of validity was assessed by means of
the Pearson correlation between qualitative JI and dedication, corrected for attenuation due to
measurement error: r*j.oed=rai-ped/Sqrt(ra-s*roed-ned). A correlation lower in absolute value
than .50 (i.e., not a strong correlation; Cohen, 1988) would be indicative of the fact that the
two variables are distinct from one another. Results were r'r1.se=-.38 and r"11.ro=-.26. Given

the medium-low corrected correlations, H5 is supported by the results.

Table 6

Within country invariance over time

Model 7 df Adf CFI NNFI RMSEA Delta ACFI ANNFI ARMSEA

Belgian sample T1-T2-T3

M9 Configural invariance 68.260 39 1.750 .996 .992 .019
M10 Full metric invariance 471.749 45  10.483 .944 .903 .069  M10-M9 -.052 -.089
M11 Partial metric invariance 73.185 41 1.785 .996 .992 .020  M11-M9 .000 .000
M12 Partial scalar invariance 82.380 43 1.916 .995 .991 021 M12-M9 -.001 -.001
Romanian sample T1-T2-T3
M13 Configural invariance 120.055 39 3.078 974 .957 .073
M14 Full metric invariance 122.973 45 2.733 975 .964 .067  M14-M13 .001 .007
M15 Full scalar invariance 173.363 51 3.399 .961 .950 .079  M15-M13 -.013 -.007
M16 Partial scalar invariance 140.446 47 2.988 .970 .958 072 M16-M13 -.004 .001

.050

.001

.002

-.006

.006

-.001

Invariance across time. Invariance checks across time (see Table 6) showed the
QUAL-JIS scale as invariant. We compared multiple models of qualitative JI for each
country, including all measurement times. We allowed for inter-error correlations for the
same item across time. We found configural (M9), partial metric (M11), and partial scalar
(M12) invariance (we freely estimated the factor loadings and the item intercepts for items 2
and 4) in the Belgian sample, and configural (M13), full metric (M14), and partial scalar
(M16) invariance (we allowed the item intercepts for items 2 and 4 to vary across groups) in
the Romanian sample. Results indicate good model fit in all six models, with CFI and

RMSEA differences being lower than .01 between subsequent nested models and the



configural invariance model, as needed to determine invariance. We thus found support for
H6, allowing us to proceed with validity checks across time.

Test-criterion predictive evidence. We measured the predictive ability of qualitative
JI measured with QUAL-JIS for need for recovery, with linear regressions of the dependent
variable at T+1 onto qualitative JI at time T (see Table 7). We expected past qualitative JI
measured with QUAL-JIS to significantly relate to the future need for recovery, on both
occasions. In the Belgian sample, qualitative JI at T1 predicted need for recovery at T2 with

S=.34, p<.001, and qualitative JI at T2 predicted need for recovery at T3 with 5=.43, p<.001.

Table 7

Predictive and concurrent validity checks through hierarchical linear regression analyses

Sample Belgian sample Romanian sample

Outcome Need for recovery at T2 Need for recovery at T3 Need for recovery at T2 Need for recovery at T3

JI order T1 first T2 first T2 first T3 first T1 first T2 first T2 first T3 first
Step 1 2 1 2 1 2 1 2 1 2 1 2 1 2 1 2
pIlatTl .34 .18™ 18 35" .28 28"

pIlat T2 23" 35" 237 43" 317 317 13" 29" 13" 35" .39 .39
pIlatT3 .18™ 40 18" -.06 17 -.06
Adj. R? A1 14 12 14 19 .20 .16 .20 12 13 .08 13 12 12 .03 12
AR? 11 .03™ 127 .02 197 02" 167 .05 127 01" .08™" .05 127 <.01 .03™ 107

Note. JI = Qualitative JI measured with QUAL-JIS; * p <.05, ** p <.01, *** p <.001, unmarked values signify

p > .05. Predictive values marked in bold, concurrent values in italics.

In the Romanian sample, qualitative JI at T1 predicted need for recovery at T2 with $=.35,
p<.001, and qualitative JI at T2 predicted need for recovery at T3 with =.35, p<.001. H7 was
thus supported. We also checked if past qualitative JI predicted future need for recovery
when future qualitative JI was considered. We did this by using two-step hierarchical linear
regressions, with qualitative JI at different times added in separate steps. Results (see Table
7) showed that past qualitative JI significantly predicted future need for recovery, with
pr1=.18, p<.001 and S 1.=.31, p<.001 in the Belgian sample, and S 11=.28, p<.001 and g
12=.39, p<.001 in the Romanian sample, when taking future qualitative JI’s contribution into

account.



Test-criterion incremental evidence. For measuring the incremental predictive
aspect of validity, we performed two separate hierarchical linear regressions in the Belgian
sample, one at T2 and one at T3. The dependent variable was the need for recovery, the
independent variable in the first step of the regression was qualitative JI measured with the
Hellgren et al. (1999) scale, and the independent variable in the second step of the regression
was qualitative JI measured with QUAL-JIS. If, at each point in time, qualitative JI measured
with QUAL-JIS would significantly relate to the need for recovery, after accounting for the
statistical effect of qualitative JI measured with the Hellgren et al. (1999) scale, we would
conclude that QUAL-JIS shows incremental predictive capacity, above and beyond the other

scale. Results (see Table 8) provided support for H8.

Table 8

Incremental validity checks through hierarchical linear regression analyses, with the need for recovery

as outcome

Order JI2 first JI1 first

Time T2 T3 T2 T3

Step 1 2 1 2 1 2 1 2
£l 36%** Y alela 35%F* 36%*F* 36%*F* RCY falela
pJI2 207> -.01 2% -.01 -.01 -.01
Adjusted R? .04 A2 .05 A3 A2 12 A3 A3
AR? .04 7%*x* .08*** 05*** 09*** J2*%** <001 A3*** <001

Note. *** p <.001; unmarked values signify p > .05. N12=697. N13=607. Table contains standardized betas. JI1
= Qualitative JI measured with QUAL-JIS, JI2 = Qualitative JI measured with the scale from Hellgren et al.
(1999).

In both cases, qualitative JI measured with the Hellgren et al. (1999) scale predicted need for
recovery significantly in the first step of the regression. However, once the QUAL-JIS
measurement of qualitative JI was added in the second step, the Hellgren et al. (1999) scale

no longer met significance requirements (fr2=-.008, p=.850; fr3=-.007, p=.888), while



QUAL-JIS did (f 12=.36, p<.001; B 13=.37, p<.001), with the QUAL-JIS measurement

retaining the only significant results when predicting need for recovery.

Discussion
The goal of this article was to check the QUAL-JIS scale’s psychometric properties,

verifying its reliability and validity. Our findings indicate that QUAL-JIS may be a suitable
measure for qualitative JI, the scale displaying reliability and validity evidence for assessing
the degree to which employees anticipate unwanted changes regarding their valued job
features. In our study we explained how a short and generic scale may be beneficial, and we
showed how QUAL-JIS meets these criteria. We proposed that a selection of valued job
features, as presented in qualitative JI measures on specific characteristics of work, may be a
good fit for some specific organizational contexts and/or jobs and less so for others,
depending on the constant evolution of jobs and organizations. We asserted that QUAL-JIS’s
ability to detect the presence of qualitative JI in a generic way would result in explaining
additional variance in the outcome, compared to a scale measuring specific job features. We
tested this final assertion by evaluating QUAL-JIS’s increment in predicting the need for
recovery, and results supported our hypothesis. Nevertheless, scales measuring specific
characteristics of work have their own merits, perhaps the most important one being their
ability to narrow-down the precise valued job features that may be perceived as being
threatened; this is not possible with a generic scale.

Given the fact that our samples were not completely randomly selected (snowball
procedure for Sample 1, and online survey for Sample 2), in addition to the presented results
(i.e., Pearson correlations, linear regressions, and parameters calculated with the structural
equation modelling maximum likelihood estimation), we used the bootstrapping options
available in SPSS and Amos to calculate 95% bias-corrected accelerated confidence intervals,

based on 2000 bootstrap samples. We then verified that all reported estimates fell within the



95% Cls, and that none of the Cls included the value zero, where the reported estimates
provided significant values.

To be able to accept QUAL-JIS as fit for usage, we needed to show that it is reliable.
We determined reliability by calculating Cronbach’s alpha coefficient, an indicator of the
consistency of results across items. Results, ranging between 0.81 and 0.91, supported our
hypothesis.

The degree to which instruments cover all aspects related to the construct is one of the
more essential concerns regarding existing qualitative JI scales. Given the extensive range of
possible meaningful and valued job features, any scale which selects a subset of them may be
prone to having a lower coverage of the construct, if applied in a different organizational
setting than the one initially intended. The QUAL-JIS scale solves this problem by using
context-independent items. We thus conclude that the scale shows a high level of evidence
regarding its content matching the qualitative JI construct.

We found both convergent and discriminant evidence for qualitative JI scores
measured with QUAL-JIS relating with other variables. The QUAL-JIS-measured qualitative
JI correlated highly with, yet was distinct from quantitative JI, in line with convergent
evidence requirements. The low corrected correlation between qualitative JI and the work
engagement facet of dedication supports the hypothesized distinctiveness between the two
constructs by providing discriminant evidence.

Regarding test-criterion relationships, we found both concurrent and predictive
evidence: the QUAL-JIS-measured qualitative JI was related to the need for recovery, a
known outcome for qualitative JI, both at the same time, and time-delayed. Results (see Table
7) indicate that while qualitative JI relates to the need for recovery when measured
concurrently, it also predicts the future need for recovery, even when the future qualitative JI

is taken into account. We also showed evidence regarding QUAL-JIS’s scale incremental



predicting accuracy compared to a widely used measure of qualitative JI (Hellgren et al.,
1999), QUAL-JIS explaining additional variance in the outcome.

One important aspect for any scale validation is to check that the scale is invariant,
meaning that it measures the same construct across context and time. In our case, we wanted
to assess two invariance conditions: a) whether the QUAL-JIS scale is capturing the same
construct in both countries, and b) if, when applied a number of times on the same group, the
scale would be invariant. On both samples, the QUAL-JIS scale showed partial scalar
invariance across the three measurement times, meaning that the respondents interpreted the
questions in a similar manner every time. Regarding the cross-country invariance, our data
indicated that the two translations of the QUAL-JIS scale were equivalent regarding factor
structure, factor loadings, and half of the item intercepts, the scale showing partial scalar
invariance. As such, the scale can be used in both languages and researchers may
meaningfully compare observed means between the two countries, under certain conditions

(Putnick & Bornstein, 2016).

Limitations and future research
One limitation of the current study is that it relies exclusively on self-reported data,

which may have increased the risk of socially desirable answers. However, since JI is a
subjective perception, self-reports are the only way to measure it. Nevertheless, future
research should be performed measuring qualitative JI with QUAL-JIS, in relationship with
other-rated outcomes. To mitigate the risk of bias in the respondents’ answers, we
emphasized in the instructions the fact that participation was voluntary and that the study
results would be confidential on an individual basis, as recommended by Podsakoff et al.
(2003). Additionally, we collected variables in a lagged design, providing a temporal
separation of measurement between predictor and outcome variables (Conway & Lance,

2010).



Second, although we surveyed different categories of participants, resulting in
heterogeneous samples in both countries, the sampling methods (online survey in the Belgian
sample and snowballing procedure in the Romanian one) could not provide nationally
representative samples. Chain-referral sampling (i.e., "snowball" sampling), which we used
in Sample 1, is a non-probabilistic sampling technique that has a number of advantages (in
terms of ease of data collection) and a number of disadvantages in terms of possible biases.
The main bias refers to variability in the collected sample, i.e., "community bias" — the
participants who are selected in the beginning will have a strong influence over who else is
nominated, and will usually nominate participants who are similar to them in terms of age,
gender, occupation, interests, values etc. (Johnson, 2014; Parker et al., 2019). In our case, we
tried to defend against these biases. The market research company that was commissioned
began the snowball technigque with a set of initial participants that were as diverse as possible.
Then, we applied a variant of the sampling technique known as exponential discriminative
snowball sampling, i.e., each participant was asked to indicate multiple referrals, but only one
referral was recruited and followed from each participant; the interviewers were instructed to
select in this way the most diverse possible sample. Furthermore, we removed self-employed
respondents from our datasets because we considered that they could be dissimilar to regular
employees regarding how they perceived qualitative JI. Self-employed workers might have a
different understanding of uncertainty and control about unwanted changes compared to
employees, being able to exercise more control about changes in their job situation, since
they are usually the deciding factor. Despite the above, we point out that the final samples
obtained in the two countries are reasonably well balanced on those demographic variables
that were collected, and are not severely deviant from the proportions of those variables in the
general population. For example, the mean age in the Romanian sample is 36 years, while the

mean age for the adult population in Romania is 41 years; the gender split for our sample is



56% female to 44% male, and in the general population 51% female to 49% male;
occupational diversity is also very high in our sample. For Belgium there is a slight
overrepresentation of women in our sample, and an underrepresentation of blue-collar and
low educated workers, while the other sample characteristics are very close to those of the
country population. Nevertheless, future research on representative samples should be
beneficial to further extend the generalizability of our findings.

Third, within our study we addressed only part of the WEIRD samples phenomenon
(Western, Educated, people from Industrialized, Rich, and Democratic countries), a prevalent
issue in psychological assessment (Pollet & Saxton, 2019). We compared heterogeneous
samples from a Western country (Belgium) and an Eastern European country (Romania), thus
offering a certain degree of variability, given the different cultural and economic settings.
However, we believe that future studies, replicating our results in different countries should
be welcome. We recommend that already existing and future translations of the QUAL-JIS
scale undergo a similar validation process, to provide the necessary assurance that they
measure the same construct. Furthermore, even though the current study represents an in-
depth attempt to validate QUAL-JIS, it cannot offer an exhaustive assessment of validity
evidence for every conceivable context. It is every research team’s duty to assess aspects of
reliability and validity, by examining the pre-existing evidence, as well as new relevant
evidence for the study’s specific context. Since not all validation standards can be met during
the initial operational usages of a scale, it may be acceptable to delay meeting these
standards. For example, some validation standards may call for analyses of data that are not
yet available, or traditional quantitative analyses may not be feasible due to small sample
sizes (American Educational Research Association et al., 2014). Nevertheless, as the body of

knowledge grows, more evidence will become readily available for researchers.



Fourth, scores obtained by measuring qualitative JI with QUAL-JIS at a certain time
display high correlations with their quantitative JI counterparts, in both samples, indicating
overlap in the measurement of the two constructs. At a first glance this would point to a
potential validity issue, since the qualitative JI scale may tap into quantitative JI aspects as
well. Still, we argue that this overlap between the two constructs is normal: losing the
complete job means losing all the valued job features as well. The reverse, however, is not
true: losing job features does not necessarily lead towards losing the job. To avoid
confounding the two variables, we thus recommend that future studies which include one
type of JI, measure the other type as well, to be able to get a complete picture regarding both
aspects of JI and how they interact with other variables.

Finally, the greatest strength of the QUAL-JIS scale, its genericity, could also be
considered, in certain cases, a limitation. Throughout the article we argued for a need to have
a short, reliable and valid instrument for the detection of qualitative JI, and we showed that
QUAL-JIS is such a measure. However, once a high level of qualitative JI is detected in an
organization, the present scale is unable to narrow-down the root cause, since respondents
may refer to very different issues when they agree with items of the QUAL-JIS scale. While
this is intended and allows the scale to be used in any setting to detect qualitative JI, if an
intervention is planned in the organization, a higher level of precision may be needed. In such
a situation, we recommend that organizational psychologists continue, as a next step, with
one of the following three options: either a) use a validated off-the-shelf scale listing the most
prevalent reasons for JI (we listed and discussed all such current instruments in the
Introduction section), b) construct a custom situation-tailored instrument, as has been done by
Hellgren et al. (1999), or c) use qualitative methods, like interviews with the employees, to

identify what affects them most.



Conclusion
Throughout this article, we showed that the QUAL-JIS scale is reliable, with high

internal consistency. We also provided evidence for the scale’s validity, using cross-sectional
and longitudinal data. We compared two translations of the scale, Dutch and Romanian, and
concluded that the scale may be used in both languages. Our recommendation is to use the
QUAL-JIS scale as a screening instrument for measuring qualitative JI in any context,
especially if there is no validated instrument tailored for the specific valued job features in a
particular organization, or when the research covers a multitude of diverse organizations.
Notably, the QUAL-JIS measure may be a good choice in large scale scientific studies, where

its briefness and genericity would offer large spectrum coverage at low item cost.
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